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Multisensor Integration
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Fusion
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Data Aggregation Spanning Tree

Sink

e Finding the optimal aggregation
tree

e Modeled as a minimum Steiner
tree problem

e An NP-hard problem




Pervious Works

e Sub-optimal solutions[2002]
e Center at the Nearest Source (CNS)
e Shortest Path Trees (SPT)
e Greedy Incremental Trees (GIT)

e Clustering algorithms [2004]
o« DCTC [2004]

e Espan [2005]

e LPT [2005]
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Pervious Works

e Sub-optimal solutions[2002]
e Clustering algorithms [2004]

o After partition network into clusters

e Cluster’s members construct aggregation tree and
transmit data to cluster head

e« DCTC [2004]
e Espan [2005]
e LPT [2005]
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Pervious Works

e Sub-optimal solutions[2002]
e Clustering algorithms [2004]
« DCTC [2004]

e Construct dynamically an aggregation tree
Mobile target tracking
Subset of nodes participate in tree

e Espan [2005]
e LPT [2005]
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Pervious Works

e Sub-optimal solutions[2002]
e Clustering algorithms [2004]
« DCTC [2004]
e Espan [2005]

e Construct tree for data aggregation
By considering node’s distance to sink and energy

o LPT [2005]
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Pervious Works

e Sub-optimal solutions[2002]
e Clustering algorithms [2004]
« DCTC [2004]

e Espan [2005]

e LPT [2005]

e Construct tree for data aggregation
By considering node’s energy




Pervious Works

e Sub-optimal solutions[2002]
e Clustering algorithms [2004]
« DCTC [2004]

e Espan [2005]

e LPT [2005]
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Espan

e In Espan
e Each node selects closest
neighbors to Sink as
parent
e Problem of this
algorithm
e Node with less energy
Fails quickly
e Network can not coverage
region completely » @




LPT

e InLPT

e Each node selects
neighbors with most
energy as parent

e Problem of this
algorithm

e Parents may have higher
distance to root

e Cause more energy
consumption




